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CREATE MODEL HousePriceModel PREDICTING (Price) FROM HouseData
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CREATE MODEL HousePriceModel PREDICTING (Price) WITH (TotSqgft numeric, num_beds integer, num_baths
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CREATE MODEL HousePriceModel PREDICTING (Price) FROM HouseData USING {"seed": 3}

IntegratedML {5 5



IntegratedML D E K

BRIETILOER
[AlF ETIT A AT E A ESNDET NV EVERNR T AMOBILIZ IR OB T, 3 AT v 7 D%t D17
PR ARR YT VEER L ET,
sQL

CREATE TIME SERIES MODEL ForecastModel PREDICTING (*) BY (date) FROM WeatherData USING
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SQL

TRAIN MODEL HousePriceModel
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EEC: CREATE MODEL 3 C FROM A FH L7273 7- 834 . TRAIN MODEL 32T FROM 732
2720 E 9,

FROM [2&BrL—=2T  T—2M&IR
LU FDa< 2RI, HousePriceModel £5 /VEFEB LN HouseData L —= 7« 5 —X LU TEAL T
EF NN —= T LUET,
SQL

TRAIN MODEL HousePriceModel FROM HouseData

AS [ZKBARL—=UH5EFDOGS
LU FDa<RiL, HousePriceModel 5 VEZRAZEHAL CTET L E N —=0 7 LET, 2O —=0 7
Sh/-EF/L1Z. HousePriceModel Trained &WO4 BT CIRESNVE T,

SQL

TRAIN MODEL HousePriceModel AS HousePriceModelTrained FROM HouseData

WITH 2k 24585 DTvF T
L FO=<RiX. HousePriceModel EF/VEFHTET/INLEZIN —=27L. FOR fi& WITH fiz{# AL
T == 7 ey BT NVEREDOM T, T F ERE 2 E I REICE D EE T,

SQL

TRAIN MODEL HousePriceModel FOR house_price WITH (TotSqgft = house_area, num_beds = beds, num_baths
= bathrooms) FROM OtherHouseData

USING IZ&BrL—=2 4 - 18T A—EDER
LT Da< R, A7 a0 ® USING fizfEAL T, No—=u ZE) P a s E DTG A= B R ELE
4, USING EiDFEMNL, "F—=0 7 8T 2—Z DB 1 (USING £i)” 22 TLIEE,
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TRAIN MODEL HousePriceModel USING {"'seed": 3}

222 NL—=%5 = 1\5A—4 DB (USING i)

USING Eizfi 3 5&, 7oA NET NE N —= T 5 FIEIC S 52 DT A= DfE R E TEET, %
WEE OBHMZIL, ZORME#H AL T, =—X A8 bE TN —=0 7 E T2 HINGREE T E1,

BIZIE, LT OINCTHIENTEET,

TRAIN MODEL my-model USING {"seed": 3}

USING Hizfi HL T, 7oA X EH DN —=0 T T A—REPETIENTEET, ZOHNIIL, ST A—FL LT

A—ZEDF—EED T ARk L7z JSON SCFFIAf I TEE T, TNODED T TR F L/ CFR KIS
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TRAIN MODEL <> F® USING i CHE L=/ 37 A—#|Z, CREATE MODEL 2~ RE7/=I1ZBEE D ML Ak
THRELEZFEIU AT A—=ZDfEE EEXLET,
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BEED ML ABRL THEELZR U/ T A—2DfE% FEEXLE T,

CREATE MODEL =~ R &72/E TRAIN MODEL =~ RC USING Z 5 ELRWVGA ., 7 /L TIEBEED ML
R CHE E S A7z USING HidME S hET,
TARTCOARGA=ZZIFTLFHNELTEST LERDY BT AT A=ZIEH A OB TE S BERHIET, YANT, 3
Y TS T FINTAT T 0B R HYET,
BT ONAL TN TEHTA=ZDOFERNL, LT 2SR TTZSN,
AutoML
H20
DataRobot
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"No—=o 7 &N T NEN —=0 T EITORERIL, TN INFORMATION_SCHEMA.ML_TRAINED_MODELS
a2 — B LN INFORMATION SCHEMA.ML,_TRAINING RUNS F 2 — TR TEXET, "N —=2 7 ENTF-EF T,
"N —=o A SN TV ERICEE TIT O TOET,

R == 7 ENTE T UL TEITTELZOMOBYEDOREMIL, BT /L DAL T TR ZB LU TIZEN,
TRAIN MODEL X DFE#flIE, “InterSystems SQL V7 7L 2" 2B ML TLIEEY,

23 BT ILOEE

No—=2 7 T a LI —= TSN T Ve )T 57 a b AR KA L Tl 2 32/ TL £, IntegratedML
DAL 2 VALIDATE MODEL X% L T, &7 /WXL T B OfRGEEE 1T C&$£9, VALIDATE MODEL (3,
SN T ARy MIIEESW T, B, 208, BIOFRERIIET VO S AN v/ &KL ET,

KESTOMEEE L2EM7 03B 1%, “VALIDATE MODEL” DU 7 7Ly A _R—T % BTSN,

2.3.1 {5l — VALIDATE MODEL
PLTFOfITI, VALIDATE MODEL 2B ASESFAfiof HiEE2 RLUET,

=OBEHITEX
LU F D=~ RiE, HouseTesting 7 Ak 7 —# gy LU THEHAL T, Rb—=227& 007
HousePriceModel ZHFEL£9,

SQL

VALIDATE MODEL HousePriceModel From HouseTesting

AS L BHIRERITDE B
PUFoa<=Rid, HouseTesting &7 A7 —X &y L THEMALT, Nb—=2 7 &7
HousePriceModel #H#FEL . #i7E31T4 HousePriceValidation &L CTIRIEL £,

SQL

VALIDATE MODEL HousePriceModel AS HousePriceValidation From HouseTesting
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WITH 2k 245 5D vF T
LLFOa<RiL, hb—=r27&7- HousePriceModel ZfEEL . WITH iz iL CT A7 —% &
I HouseTesting OFHESNZ BRI~y TF 7 LET,

SQL

VALIDATE MODEL HousePriceModel WITH (TotSqgft = area, num_beds = beds, num_baths = baths) From
HouseTesting

3 =3
2.3.2 F MR
MRAEFEITEZE OFERIZ OV TIL, F4E L INFORMATION_SCHEMA.ML_VALIDATION_RUNS £’ =—& INFORMA-

TION_SCHEMA.ML, VALIDATION METRICS ¥ = —CHRTxE,
VALIDATE MODEL 3B XUMRFAEARN »7 D FfE#llL, “InterSystems SQL U7 7L A7 &ML TLIZE,

2.4 78

" —= T ENTZETUIEZENF L, HFOE PREDICT 28%0 . ZOBEEMN 7o A X2 LT, %15
1T NOEATORRETRILET, DFETT /WZIZESHIZ PROBABILITY BIEAHY ., ZO BN 7 a/ A Z a N
HLU T, FBESNTAENTT R L CTIELWES B ThAMEREZ IR L £,

INBIFABZERTHY, SQL 7=V DIEFDOHET T MO 74— /L RLREMEM A G DE THEH TEET,

2.4.1 PREDICT

PREDICT B8 HL SR EENT=FET )V (LTZN- T, T AR) #5457y hOKATICE AL T, 7/\/1/@]
OFRE (BHfET A OW%E) FT213Rb FTREED @BVME (T T LV ORE) KT ZENTEET, FATITIIAT
B (R BBV, BT MEZDATIFILHTT (T~00) ZIRUET, 1T'y M, LRSS }:7Nv§u75: TofT
BEOITORYNTHZENTEET,

BX
PREDICT B I T D LB T,

SQL

PREDICT(rmodel - nane [ USE trai ned-nodel -name ] [ WITH feature-colum-clause ] )

i
LA RO T, E5 /L HousePriceModel OEFIDOEI% PREDICT #XFXFABXTHEHAL TVVEY,

SQL

SELECT *, PREDICT(HousePriceModel) FROM NewHouseData

SQL
SELECT * FROM NewHouseData WHERE PREDICT(HousePriceModel) > 500000
WITH iz LT, X TOT =2y MIESLDOTIIZRL, b —=0 7 -2y OSN3 E DI HE SV

TFHTEET, £9140%. CREATEMODEL XTI ELZIERFE BOICERTELENHYET, KIELTWDHEK
132D a <~ THERBETEET, HlziE LTFTOX T 2 ByhOF|T —ZIZ SN TFRINETESNET,

IntegratedML {5 9
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SQL

SELECT PREDICT(HousePriceModel WITH ({4200, 5, 4},{3800, , 3)))

F7- . WITHZERAL T, BT VOMER T T —F By b IR DT —F By hOF LT LOFE D~ T 4R TE
THZELTEET, LLTFOL, T ANSHIDOT —2 vy sOFN RSS2~ 7L ET,
sQL

SELECT PREDICT(HousePriceModel WITH (TotSqgft = house_area, num_beds = beds, num_baths = bathrooms) FROM
OtherHouseData

SHBER
PREDICT BA%DFEAMIL, “InterSystems SQL V7 7L X &ML TIEE Y,

2.4.2 PROBABILITY

(FANCIRA E Rera & Ot 3 8l T3 D EUFE 7T /L &I35720) B/ 4, [EA4 72 L ORI oz 7145548
ET VR[S D%E . PROBABILITY BIZM AL T, SATICH L THRIESNIZ T~V EN T RIS~ VIET
OOMERZI T ZENTEET, ZHISEY, TOMEDO TIOR8 27l TEE 3,

BX
PROBABILITY Bt SCIZLL F D LB T,

SQL

PROBABILITY(nodel - name [ USE trai ned-nodel -name ] FOR | abel -val ue [ WITH feature-colum-clause ] )

1
LLFOXTIE, 5/ Iris_mdoel B D% PROBABILITY 28X £ CTHEHL TOVET,

SQL

SELECT *, PROBABILITY(Iris_Model FOR "iris-setosa") FROM Iris_Flower_Set

SQL

SELECT * FROM Iris_Flower_Set WHERE PROBABILITY(Iris_Model FOR "iris-setosa") < 0.3

LT o3 TI, 5L Emai IFi lter OEEIOEIE PROBABILITY 2 HL TWES, 24U, 7 —UT7E 0 7~
X1 &ME—DH 1892 HSMHET AV THDH-D, BFEAY7: FOR i 1 2 HL T, FOR fizA MK c&xEd,

SQL

SELECT * EmailData WHERE PROBABILITY(EmailFilter) > 0.7

SHAER
PROBABILITY BE#D £, “InterSystems SQL V7 7L 2" ZHHLTEEVY,

2.4.3 SELECT WITH PREDICTIONS
RERSIET LTI EDEE TIIRL T —#{72 THlT 5720, SELECT X&FEITLTET VO T RIZHETRT D0
ERHVET,

X
SELECT WITH PREDICTIONS 2= FO#SUILL T DOEBYTT,

10 IntegratedML D {E A
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SQL

SELECT WITH PREDICTIONS(nodel - nane) col urms FROM t abl e- nanme

a1
LIFOBIL, 77— v DF XTOITEIZEIRLET,

SQL

SELECT WITH PREDICTIONS(WeatherModel) * FROM Weather.Data

LR OB T, FED B A LLEDITO AR ERINT D720, TRISNZ—EDITRE, T—T VD —E DR rvar %
FRTEET,

SQL

SELECT WITH PREDICTIONS(WeatherModel) * FROM Weather.Data WHERE Date > 20220101

SHBER
T2 U7 @IROZEMIE ., “InterSystems SQL V7 7L A7 BB TIEEW,

2.5 A=) RI—

ZDOTF— I Z—TIX, IntegratedML N7 7 U —a @0 CEMROL FVACRMT DT o5 S 7ok
NERLET, =T3P SQL 72V AL, BHEOT —H&2E> THRIEFE AD TRIET VEBRFELET,

RIS AT AOE B L, BEOHABRENEML CODIEEEEL QO ET, BE VAT LA D5, EHR
BEFNZH S LEEIRDREND L NEFREADR T2 EHIZLV WD E R T REREREIN WO ER A, FTLWOTY
Va—a Al S KGR EEITORNS, BHENST —X - T FIVAMIR L, HARLIZBED T a7 7 (/L Tk % R

DT BHET N TR T AEN R EONE T, T —#1T InterSystems IRIS® T —H# « 7T "7 —ALDT —H
N2 T TR T = LN EZNTNDT=D . 7T UARNT IntegratedML 2 37U, FENZELE 7+ —~ v R IE
T TIRNT A — LI T —Z OB EN LT HMO Y2 —a 0 ToLEHBE TEHTEEH > T
7,

TN

IntegratedML PREATAHRENI, THUVAMIT — 2 &2 %L, T — 20N 7)— T I N —=0 FIE I TEBE%
SBLET, T WIAIC, MBERT =22 OT — T VNS E DO 2—IC ANET, ZOFI Tl E2—IC

Hospital .PatientDataView EWVOARIAFITHILTOET,

BROARETAR

TFHUANMEL, BEE DAL T IntegratedML 2 9222 IR ET, TET VO —=0 FIE8FESF o7 o (4

PERHCELEITGN o TOVET I, AL =R EFENLTENG, B INOFE IR ERBEE OB AFEH T2l

FL7o,

ETILOMER

T AN, D 2—ZEEDONT-D T, TFHIANT B SR FEEE T L — =079 58T LV iEEETER
L%, PatientReadmission 2\ \OZDEFIT. IsReadmitted Z T+ 557~ THRELET,

SQL

CREATE MODEL PatientReadmission PREDICTING (IsReadmitted) FROM Hospital.PatientDataView

IntegratedML D{#FH 11
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EFLOMN—=VY
Iz, T FIVANTET V2 —=0 7 LT,

SQL

TRAIN MODEL PatientReadmission

== T DI=DICH AR ARSI T A= L TG ET D BEITHVEE A,

ET VORI
T FUANL, #EfFL7=7 AT —X+E vk (Hospital .PatientDataViewTesting) Z{f L CET /L EZRFEL, /¥
T A=~ R THAN w7 BT T, ENBD ANy 7 2 il L E T,

SQL

VALIDATE MODEL PatientReadmission FROM Hospital .PatientDataViewTesting
SELECT * FROM INFORMATION_SCHEMA _ML_VALIDATION_METRICS

ETNVERALETH

ETINER —= LU THREELT-O T, IRICT FIANMIET V2 AL T, FCAFT —<Z2 o8 F Ty —F vy
MZEESWTTPRZEITWET, 20 LERICABE L7 8 O A & TeT —4 > Hospital .NewPatientDataView
IZETAEEHAL, BABEOREEMEOSH D BB BNDNEI D EHEGRLET,

SQL

SELECT ID FROM Hospital .NewPatientDataView WHERE PREDICT(PatientReadmission) = 1

E3a)
FeHDE TFIANMILLT®D SQL 72VE ASIL T, RINLT =25/ T HTT BB LELE,

SQL

CREATE MODEL PatientReadmission PREDICTING (IsReadmitted) FROM Hospital.PatientDataView
TRAIN MODEL PatientReadmission

VALIDATE MODEL PatientReadmission FROM Hospital .PatientDataViewTesting

SELECT * FROM INFORMATION_SCHEMA _ML_VALIDATION_METRICS

SELECT ID FROM Hospital .NewPatientDataView WHERE PREDICT(PatientReadmission) = 1
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T A F 1, IntegratedML OIEIF AL Z T 2—ANTT VB A TELB NI 8 71 — 20— ¢4, hb—=1
TVAFER T 270X RN D203, HO T oA X #fRET D ML #EEEIRLET,

USING €z AL T, 2SO 7T a A Z T EH OBINDNRNTGA—=E 5T Z LN TEET, ML, "FL—=2 7 3
FA—ZDEN (USING i) 22 TLIZE,

3.1 AutoML

AutoML 1ZA > Z— 2T LADBFE UT- 3 878 S 27 AT, InterSystems IRIS® F—%& « 75w 74— AL
BRENTWET, IntegratedML, AutoML 1Z, EF NVE2HGE I —=0 7 U CEMERFE RE2ARLET, F7/2. AutoML
I EEEARH 2 BAREFEALEE (NLP) 214 2 CWD T2 | 7 A Z IS LS QRN T AN E & T o 58081 2 Kk =
BT M TIERS AT ZENMTEE T,

%AutoML X IntegratedML O AT ADREED ML # 55T, AutoML 27 a3/ Z LU TR L TWVET,
3.1.1 FL—=2% < IN5A—4 — AutoML
USING EiZfE AL T, ho—=0 F e RTA—H BT ZENTEET, I LT OINTTHIENTEET,

SQL

TRAIN MODEL my-model USING {''seed": 3}

AutoML TliX, L FDORTGRA—=Z 5 —=0 7 VI CETZENTEET,

IntegratedML D{#FH 13
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fo—=2 T - INSA—4

seed

verbosity

TrainMode

MaxTime

MinimumDesiredScore

gal:l

BH

MO —RZEMET BN —K, EHON —=2 T EITTD
BIEMEERTIE-OI2. O—KRELTEEDEREFHTRETE=ET,
BEE Tld. seed & “None” IZEREShET,

P —ZU T ETHNOFMELREELES . COE NI
ML_TRAINING_RUNS E2—THFRTEE T, verbosity IZIZLUTOL
THODA T aVEHR/ETEET,

0 — s/MEfITHALEL,

1—HREEOHAN,

2—FRTOHEA, verbosity DEEEDNHRETT .

DEETILTOETILERDAN) VI EIRELET , TrainMode [ZIE LA
TOWThHhDA T avEEETEET,

“TIME” —ETILOZFEIRT, KYEWL—VJBREEELET.

“BALANCE” — ETILDEIRT. ETI/ILDARAT ERL—ZV T B
EDLEENEFELLIHIEIMNZE>TRETILELRLET,

“SCORE” — ETILDEIRT, FL—=VFJ DETEHREZEELEE
Ao TrainMode DEEEDHRETY ,

NEDEEE—FDHMIL. "AutoML ) 77U R S BLTEALY,

Fo—=U 5 DETERIAT B1-0H12E|Y B THEREIE (9). ChiTso
TRTLEL—=V RN HIRIN S0 (T TIEHYE R A, HIZ X,
MaxTime % 3,000 HZFRELTWT. HAETILDLL—=2F %22 5
BoTOWNIERDETILEN —=2F TEET, BEE TIX. MaxTime (&
14400 FITERESNTLVET,

FEIR ZO/NSA—AIE. TrainMode & “TIME” IZERELTWRES
IZOHERTEET,

BIRLIZM—=20 T - E—FICBEREL. S EETIIVOEIRTHAT 5%
INRTT,0 ~ 1 DEFETEEDEEZRETEET ., BETIE.
MinimumDesiredScore IZ 0 [ZSERESNTLET,

EIR ZO/85A—AIE, TrainMode & “TIME” [ZERELTLSEBE
ICOAHBEATEET,
F—=F LA ATy I RIRETIVERIITUA L-TAL
AR EEFETILOAATH MinimumDesiredScore ##8 % %
1HE . AutoML TIE=a2—FJ)L-RybT—0-FET LA —=V
JEINFRA PEETIVICERT S2EEETILOFHM
[X. “AutoML Y7L R” ZSBBL TS,

14
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312 BHETI =TV
AutoML TIE, FHE T V=TV 7% L CREAF O RHEAZE R L T LWRHEEER L . REZRRHEEHIBRL £
T, THBDAT YL ST == VO E LT p—~ AW ELE T,

FIEZAT DABICEY, TN TR E ELLF I C&ET

FASERHIRUC LD TR PERRS AL, IEMEMES A L E

T IV NEFEED One-hot = a—F 42

REERILT — 5y b KA/ Null fED AT

WENZISUT, KR/ B/ H /AR BT 28 LN EAERL L . RSB 27 —#0 b A8 e A AL E 7,

313 ETILMDEIR

FiFET LR Thr M ESNT-5HE . AutoML IZEFET NV ERR T2 OHE —~7T a2 HLET,
LSSHETLOEA . AutoML X LI FOBEIN Yot 2% AL T, &b EMLET AR ELET,

I F—=ZEyMIRETEDLEE . AutoML 137 —2&X T 470 (JEHE) LT, 7 VR me 2z & d kL
FT, BT NVOBRRIL, 5IESkETRRT — By bR —=0 2SN ET,

2. WA T YT AN 7 RAE T A0 AutoML 137 —# By M IS FHEORIERH 50890, £21%
EED I T ANHHNE IR L E£97,

3. AutoML IZEL TN aRZEZREE A ERL T, T —X By MEO N —=2 7 DT D Fd/ 2 ATV 2« AN >
TR OTT VEEIRLET,

EIR ZOFETIERRT e AOFEEMIIL, "AutoML V7 7L R 5L TSN,

314 TSN I+—L DY R— RO E
AutoML 7 a 34 &% IBM AIX® T~ 7 4+—2, Red Hat Enterprise Linux 8 (ARM). $8JTX Ubuntu 20.04 (ARM)
TV AR—FENTWET A,

AutoML I Python 2 L CTHEIEIILTCWET A, AutoML Python /w4 —3 ¢ Embedded Python 23— D45
BEN YN AR D2 ENBHVET, ZOFER, AutoML 2 IELSENMET D720 M B2 S r— U N A OMBRN I ER
HVES, _@Fﬁ%%lﬁlﬁ'@‘é L. InterSystems IRIS A A% AT Python @ sys.path {Z <path to instance>/lib/automl|
ZIBIMLET, ZO7DITIE, %SYS.Python.Shell) T Python =V &R & L FOa~v REANLET,

Python

import sys
sys.path._append(*'<path to instance>\\lib\\automl')

3.1.5 gk

AutoML OAFHLDOZERNIL, “AutoML U7 7L 27 BB TLE &,
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3.2 H20

%H20 Z ML L TRRIETAILE T, H20 27 A X LU THRE TEET,
PROVIDER 23 H20 #5951 LW ML Bk A ERk 45288 TEE T,
IR H20 a4 & ClL, BRI T VOERIZ R —bEEE A,

321 NL—=% 185 A—5 — H20
USING HizfEFL T, "L —=0 7 e RIA—F 2T ZENTEET, B2 1T, L FDINCTHZENTEET,

SQL

TRAIN MODEL my-model USING {‘“seed": 3}

FHREINAOAITBLOZNED/RT A= DU FTIEIZ DWW TIE, H20 ORF2 AV M-SR TLIZEWN, RIAZR/T
A—HERTETHE, N —= 0 T HPIC T — 03 AL ET,

H20 7 A B 5 H L CET VAR —=0 73584 max_models /XT7A—HFBEE T 5 (R ESNET,

322 ETILMDEIR

FEF 5T INDEAT DFREITHI DI, VAT NIV DH— B DOEOE AR L. FNZFNOEOE s
U FET, — B OB IR/ A AT Al H20 SPEETF A A ERLE T, —EOMEOEA LRI
LA VAT Al H20 IEH%%—?‘/»%{%)EFJ LT,

HllZ H20 \Z Lo CRYFET VEL TR —=0 7 3505 3-5121%, F—&ffD~<7 "model_type' :"'regression"
% USING Sl FB CBIMLUET, Bl IZU FOLIIILET,

SQL

TRAIN MODEL h2o-model USING {''model_type': "regression"}

323 —=V4 05 A

H20 ZfEHL CET VAR —=0 7 L7=#%, INFORMATION_SCHEMA.ML_TRAINING_RUNS E'=2—® LOG %%~
=) TEET,

3.2.4 BEEN D8

H20 7a A 2L T —=0 73508 L FOTT— Ayt —UNRIRENLIENHVET,

LogMessage: %ML Provider “%ML.H20.Provider® is not available on this instance
> ERROR #5002: ObjectScript error: <READ>%GetResponse+4™%Net.Remote.Object.1

ZOYE LT EFATU CCOMBEE R 52N TEET,

1. BHER—ZVIIa7 A LET,

2. [PRTLEE]-MHER]-EH 1] >[External Language Servers] IZEEIL 77,
3. Y%IntegratedML Server LW\ FIDH— A IRL £,
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DataRobot

4. [UVM B0 74—V RICLL R &ZIBINLET,

-Djava.net._preferIPv6Addresses=true -Djava.net.preferlPv4Addresses=false
USING iz LT H20 7m A ZNC—R - RIA=F R EL Th, BELATRER N — =0 7 FATIIRGES 4L
FH A, ZHUE, H20 OBEEDR — =273 EITIE, 5 1T ESILZ max_models /37 A—2 3G i, R

IEE—RBNITENDT2HTT, H20 ORF 2 A MIHFEEHINLTWBENNT, H20 OAELT — AT A2 7+ FT
IV T TR O HF NI TEME 2 N7 T,

3.2.5 FEHlIER

H20 OFEEMIE, H20 DR F 2 A MR TZE N,

3.3 DataRobot

B DataRobot @ AutoML #$GE4 i FH9-51Z1%. DataRobot SV R AR A FEA TVAMLERHDET,

DataRobot D277 A7 M IntegratedML Zf L . InterSystems IRIS® T —4 + 7T b7 3 — AARIFES L TNET —
ZEFIALCET VEN —=0 7 CTEET,

DataRobot ##%%REED ML #ake L TR HZE T, DataRobot 7 /A X L THRE TEET,

SET ML CONFIGURATION datarobot_configuration

datarobot_configuration |3 ML # D4 BiiC. PROVIDER I DataRobot #f5L T\ ET,

3.31 hL—=%4 185 A—%4 — DataRobot
USING HiZzfEHL T, No—= T e RTGA—Z 2T I ENTEET, FIZIXLL TOLICLET,

SQL
TRAIN MODEL my-model USING {"'seed": 3}
IntegratedML & DataRobot APl 2 L C HTTP ZRZ/ER L., BTV 7 ZMtAL £7, THEINDANBLIOZ

HDIRT A—HF DI ST DT, DataRobot DR F 2 A SR TLEEW, KRR RTA—HEZFRTE T HE.
"o—=o T —NRAELET,

DataRobot 7R ARAX ZFHL CET VAR —=27 32584, quickrun /X7 A—HIBEE T true [ ESIVE
hd‘O

3.4 PMML

IntegratedML (X PMML 223 2—< 4, L TO PMML Z V7R —hLTEY, SQL Z# AL T PMML T VAR HITA
A—hBLOSITTEET,
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JOng4

3.4.1 IntegratedML TO PMML ET LD EED LA
DT m A7 LFEFRIC, CREATEMODEL &AL T, FCT7 IV EEHET VEREIHEL T, ZOET/V
T, PMML BT UZEENDILDLREICHEE T LN EFN TODLENRHDET,

TRAIN MODEL X O@EMEIZ /20 E 4, TRAIN MODEL 375 —4%% “h—=2" F5b0IZ, PMML £5 /L
AR —RLET, PMML EF LS T BT~V DIERAE S8 . N — =2 VSN T DT o 3F o 3
RENAHTED | N —=U ZIFEARE T, ZOFF L3, USING Eilc k> THBISVET,

L ETIVERR T E LI FEAN B LT ~UL A%, PMML &7 /VOREAB LI OT~LF|b—d 5
MBINHDF T,
CREATE MODEL 3¢ TRAIN MODEL XD EH 5128 FROM SN SLETT N, FRESNZT —#1T
—GIE S EE A,

“h—=7&N7=" PMML &7 LZ2FE AL FEIT, IntegratedML OF DO RN —=2 7 IN7-FF /L LEIREIC
FEREL £9°, PREDICT Bi%i%. PMML EFL BT 2552 & e OF — 2 THEHTHIENTEET,

342 PMML ET VDA VR—F ik

PMML &7 /L&A 3 D113, FFAMIS %PMML 2 ML A#pk &L CRkEd %2>, PROVIDER 7% PMML Z459 510> ML 4§
PRAER T DUEBDHYET,

PMML E7/11%, USING HiZfE L THRE TEE T, LT OWTNDDASTA—FERINTEET,

PIRBIZED
"class_name" /NTA—HEHEHL T, PMML E7 VDI TR EFRE CEET, HlaLl FIRLET,

SQL

USING {"class_name" : "IntegratedML.pmml.PMMLModel""}

TALIN)RRIZ&B
"file_name" /ST A—ZZMEHL T, PMML EF/L~DF ALK« R2ZFETEET, Bl Ll FIoRLET,

SQL

USING {"file_name"™ : "C:\temp\mydir\pmml_model .xml"}

3.4.3 f3l

PLFOFITIE, USING HiZ L T PMML EF IV EZHEETAHEID A R 2R/ TUOVET,

ML % TH PMML ETILDIETE

PLFO—#ED L TIE, 77 AN L > TEZAMNE D PMML EF /L2158 5% PMML #21ER L . Z D% TRAIN
MODEL X CET L &E AR —rLET,

SQL

CREATE ML CONFIGURATION pmml_configuration PROVIDER PMML USING {'file_name" :
"C:\PMML\pmml_house_model . xmI"'}

SET ML CONFIGURATION pmml_configuration

CREATE MODEL HousePriceModel PREDICTING (Price) WITH (TotSqgft numeric, num_beds integer, num_baths
numeric)

TRAIN MODEL HousePriceModel FROM HouseData

SELECT * FROM NewHouseData WHERE PREDICT(HousePriceModel) > 500000
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PMML

TRAIN MODEL X T® PMML T ILDIETE

PLFO—HEHO LTI, F5ESNT- WPMML #5218 FI L. TRAIN MODEL LT/ T A4 125> T PMML &7 /L Z457E
LET,

SQL

SET ML CONFIGURATION %PMML

CREATE MODEL HousePriceModel PREDICTING (Price) WITH (TotSqft numeric, num_beds integer, num_baths
numeric)

TRAIN MODEL HousePriceModel FROM HouseData USING {“class_name"™ : "IntegratedML.pmml.PMMLHouseModel"}
SELECT * FROM NewHouseData WHERE PREDICT(HousePriceModel) > 500000

344 ZTDHDINTA—42

PMML 7 7 A M DT T A EFENAE | IntegratedML TlZ, BERE CT7 7 AVND BRI DOET AMBMERA S E
T, 77 ANVHNDORIDET VAT A1, USING i T model_name /X7 A—2&HHLET,

SQL

TRAIN MODEL my_pmml_model FROM data USING {class_name' : my_pmml_file, "model_name™ : "model_2_name'"}
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ML f& R

ML /%I, IntegratedML 23T VDR —=0 FIM T AR EDEEN T, AR TITELL T, MN—=0 0% FE
1T+ oA S ELET, 7oA 125> TiE, URL =2 APl h—2 L A Sl | oL B A i S i il ©
FBELET,

A2 A= VBRI Z BAUtOML 23 AT LDBEED ML AL E L TERESNAT=D . ML #ERIZFHEE %N 2 9712 IntegratedML
EEACEET,

4.1 ML #BRDYERL

AV AN NVEED VAT LOBEED ML A A TEE T, TT LD —=0 T D72DIZH LU ML %2 1ER%
THIELTEET,

411 YRATLEBER—2)LEFERAL ML B OER

ML ¥ A AR T D113, IROFINEZ FATUET,
1. FHAR—ZVIRZALET,
2. [RTLEE]-[#EM]—[Machine Learning Configurations] | 8L £9°,
3. [FRBROER] #RINL T, 74— ARICLLFOEE ALET,
(& 81] — ML ko4 i,
[(TENAF] — ML HERAHef 3 b 78 7 a4,
[DataRobot] Z#IRL 72355 LL T OBMT7 4 — A RIEEZ AT T 0ERHVET,
- [URL] — DataRobot =>R7RA>~® URL,
- [API Token] — DataRobot 777~ APl h—2,

[ERBA] — A 7> ar . ML AR DE T3 A,

[Using Clause] — 47> a2, ML # Rk DBEEE D USING Hi, 36X, "FL—=0 7 < oRT 2—2 DB (USING
) S RLTIEEN,

[FREE] — 2O ML #REOFTA &,
4. MRE] 28RL T, ZOH LW ML #ERERFELET,
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ZOFLU ML #pl a2 A7 LDOBEEEL TRRE T 2I2E, T AT AOREED ML HRLDORRE” 22 L TTZ3W,

41.2 SQL #HFALT=- ML BERLDERL

CREATE ML CONFIGURATION == R&2 LU THUWEERZ1ERSR T4,

BX
CREATE ML CONFIGURATION O IILL FDERBN T,

SQL

CREATE ML CONFIGURATION mi - confi gurati on-name PROVIDER provider-nane [ %DESCRIPTION descri ption-string
1 [ USING json-object-string ] provider-connection-settings

Bl

LA FOfFIClt. CREATE ML CONFIGURATION IZBITASES A0 k2 R_RLUET,

REEHTEX
UF Oz~ RiE, H20 7a (&% 7% ML #5% H20ConFig ZERKL £7°, H20 |28k 3 288,
NA F R TE IR T,

SQL

CREATE ML CONFIGURATION H20Config PROVIDER H20

USING [Z&BRL—=25 - 18T A2 D&EIR
LLF Do R, H20 A2 & L, BEE® USING Hiz8 &% ML #ik H20ConFig A ER L £
j‘o

SQL

CREATE ML CONFIGURATION H20Config PROVIDER H20 USING {"nfolds": 4}
R
ZOHFH L ML # ik E T AT LAOBEEEL CTRET DI, "V AT LDOBEED ML #E R OF%E” #5 R TLIEE0,
CREATE ML CONFIGURATION <> RDOFEMIL, “InterSystems SQL V7 7L A" ZHBHRL TLIZEW,

42 ML 1R DR E

IntegratedML T, 3 <IZEHTELHEREL T, LTFTRHESNLTWET,
%AuUtoML
%H20
%PMML
AL AN—=VIRFIZIE, %AUtOML 233 AT ADOREED ML AR E L TRRESIVET, MEAKIZHFEZ N2 7712 IntegratedML

2% i C&F 9, TRAIN MODEL CIZfE AT 550 ML #kEFE E LWL L FOWT D HFiETHRET
=FT,

SQL — fEEENI=7ntAD ML AR E TEET
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ML #R D EE

VAT BERIR— AL — AT AOREED ML HER A TXxE T

INFORMATION_SCHEMA.ML_TRAINING RUNS B2 — |27 xVZFETL T, "Nb—= 7 FEITFICE D ML R ME
SN EREFRTEET,

421 SQL ZFERAL= BESN=-TOEAD ML RO HTE

SET ML CONFIGURATION X &AL T, €7 AD ML fkafaE T&£7,

BX
SET ML CONFIGURATION XXO#ESCIELL F D&Y T,

SQL

SET ML CONFIGURATION ni -confi guration-nane

AR
SET ML CONFIGURATION STOFEMAIL, “InterSystems SQL U7 7L 2" ZBIRALTLZE,

422 VAT LEBR—SINEZFERLEVATLOBTED ML B OHE

VAT NEHLIR—4 LD [Machine Learning Configurations] ~2—3"C, A7 LAOBEED ML #kE R E T&E T,
VAT LOREE D ML AERE R E T D121, IROFNEEFATLET,

. FEAR—2icar/ A LET,

2. [ATLEBE]—[#EH]—[Machine Learning Configurations] (ZEEIL £,

3. [System Default ML Configuration] MDA T, {£E D ML fpk & B L £9,

FEIR ZOFETYVATLAOBEED ML R EZREL Th., LW o2&+ 2L THNTITRVET A,

43 ML B DEE

ML # A E BT 572012, LT O#EERBITTEET,
ML # kD25
ML kD EIFR

INFORMATION_SCHEMA.ML_TRAINING RUNS ¥ a—{ZZ U EFTL T, hb—=0 7 FE(TICE O ML K% A3
ST EER TEET,

431 MLBRODEE
BEFED ML RO T 4% BT/ TExET,

4311 VAT LEBR—S I E2FERALE- ML BBOER
ML MR A B4 51013, RO FIEZ FATLET,
1. BHEHR—2|zal/(LET,
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ML R

2. [VRTLEE]-[#R]—[Machine Learning Configurations] IZ# L £7,
3. UARSHIZ ML HERK D4 B & 3R L CATLE OEEZFEL £,
4. [RF] Z@IRL T, ZOEHEL ML A RIFLET,

4312 SQL #FALF- ML BRDERE

ALTER ML CONFIGURATION &1 AL CHERL A CEE9,
B

ALTER ML CONFIGURATION XXORESLITLL F DL BV T,

SQL
ALTER ML CONFIGURATION ni-configuration-nane alter-options
al ter-options [ZLL D 1 DL RIZAR0DES,

PROVIDER provi der - nanme

%DESCRIPTION description-string

USING j son-object-string

provi der - connecti on-settings

B3
ALTER ML CONFIGURATION =~ RO, “InterSystems SQL V7 7L 2" ZB ML TZEN,

4.3.2 ML #8R D HIFR

ML #REHIBRCEET,

4321 VAT LEBR—3)VEFE AL ML B DA

ML #ERLZHIBR T D120%, RO FNAEEITLET,

. FEHAR—21icas/ A LET,

2. [VRTLEE]-[# ] —[Machine Learning Configurations] (B EHIL %7,
3. HIBRT 2 ML #ERLOITE Lo, [HIBR] 23R £,

4322 SQL ZFEALT- ML B D HIf

DROP ML CONFIGURATION & f AL THE A HIBR CE £,
BX

DROP ML CONFIGURATION XL ORESTIZLL FDE BV T,

SQL

DROP ML CONFIGURATION ni -confi gurati on-nane

AR
DROP ML CONFIGURATION =~ RO, “InterSystems SQL V7 7L 2" B ML TZEN,
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—t N - .
ETILOATFIR
T INDATF U AL, BT NADOER, BH, BIOHIBRCHEREINET,

51 ETILDRT

IntegratedML 23h—=0 FFI3MRFEE ST THRE, 207 atv AT “F—=0 78T Fa0d “MEESEIT” L
IEnET,

IntegratedML Tld, €T /L, N —=0 7 ENT-ET /L, N —=0 7 EAT . BLOWGEFEITICETAERERIVE
572012, INFORMATION_SCHEMA Z7Z ANIZLA FOE 22— HE SN TWET,

ML_MODELS
ML_TRAINED_MODELS
ML_TRAINING_RUNS
ML_VALIDATION_RUNS
ML_VALIDATION_METRICS

5.1.1 ML MODELS

O 2a—I, ETFTNLERITEIC L 2OTEIKRLET,
INFORMATION_SCHEMA.ML_MODELS (%, LL FOF TR S E T,
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ETILDAVTFFUR

5% L]
CREATE_TIME_STAMP ETIVERIMER SN =FFZI (UTC)
DEFAULT_SETTINGS EFLEEDTONAS A ERTIEEDEE

DEFAULT TRAINED MODEL_NAME F—= T FHDGE . BEEDN —=2 T FHETILOEHI

DEFAULT_TRAINING_QUERY CREATE MODEL XX ® FROM &i (F#Eh1=15E)
DESCRIPTION ETILERDRHA
MODEL_NAME ETILERDEH
PREDICTING_COLUMN_NAME IRILEID A HI
PREDICTING_COLUMN_TYPE FRILFIDE
WITH_COLUMNS HEII D&
AR

EBTIVEROFEML, "ET VEROIER” 2R TS0,

5.1.2 ML_TRAINED _MODELS

IO 2—E, K== T ENTZETT LT 1 DOfTEIRLET,
INFORMATION SCHEMA.ML_TRAINED MODELS %, UL FDOF| CRERRSVET,

F4 B

MODEL_INFO ETIVIER

MODEL _NAME ETILERDEH

MODEL TYPE ETILDZAT (5348, BiF. RS

PROVIDER fo—=2FIERSN-TANASE

TRAINED_MODEL_NAME Fo—ZU T SN-ETILDOLATI

TRAINED_TIMESTAMP fo—=2 T SNF-ETILAMER SN T-EFZ] (UTC)
AR

M—= T ENTET VOFMIL, "ET VO —=2 7" B TLTESN,
TRNAZ DFEMIE, T AT SRR TLIZEN,

5.1.3 ML_TRAINING_RUNS

ZOE 2—F, No—=U T FEITT I 1 D07 EIRLET,
INFORMATION_SCHEMA.ML,_TRAINING_RUNS 1%, YA FTOFTHEER SV ET

L1E 1Ll

COMPLETED_TIMESTAMP Fo—=U T RTMNET LK (UTC)
LOG JanAEhonrL—=24-05 M A
ML_CONFIGURATION_NAME fL—=2J 1RSIz ML RO £ T
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EFILDORE

F4 BT
MODEL_NAME ETILERDRH
PROVIDER Fo—=UJIEREN-TONAE D LTI
RUN_STATUS F—=U T ETODRT—ER
SETTINGS Fo—=2 T ETDT1=HIZ USING HilCk>TESII-HRE
START_TIMESTAMP Fo—=2 T RTHFIRENF=FFZI (UTC)
STATUS_CODE Fo—=29 - T5— (RELIHSR)
TRAINING_DURATION L—=4 QAR (FhEifD)
TRAINING_RUN_NAME F—=U T ETDOET]
TRAINING_RUN_QUERY FL—=2 T AIHEEIESRILIDST—RERY BT -HIFERSN S
Ty
AR

"N —= VT FATOREANT, BT VDN —=2 7" BB TIEEN,

5.1.4 ML_VALIDATION_RUNS

IO 2—F, BMIEFITT &I 1 DOITEELET,
INFORMATION SCHEMA.ML VALIDATION RUNS (. L F % CRERR S ET,

Ik BT

COMPLETED_TIMESTAMP REEEITATE T LI=FZl (UTC)

LOG BREEOT H A

MODEL_NAME ETILERDAR

RUN_STATUS BREERT—HR

SETTINGS BREERITDERE

START_TIMESTAMP BREEEITHA RSN -FZ (UTC)

STATUS_CODE BREETS— (REL-HS)

TRAINED_MODEL NAME REREDN —=2 T SNI=ETILOARI

VALIDATION DURATION TREEHARE (FD LD

VALIDATION_RUN_NAME BREEERIT DRI

VALIDATION_RUN_QUERY FROM [Z&oTHEESN =T —4EyrDELLGITY)
FHER

MREEATOFEMIL, "E7 VORGE” 22 L TTZE0,

5.1.5 ML_VALIDATION_METRICS

ZOE 2—T BEEFEITORAFAN 728 1 DOIT2IRLET,
INFORMATION_SCHEMA.ML_VALIDATION METRICS %, LL FOF TR S E T,
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ETILDAVTFFUR

F4 &5 BA
METRIC_NAME BELARN) O£
METRIC_VALUE BRELARN) B
MODEL_NAME ETIVA
TARGET_VALUE BEEARN) v DE—7 Y ME
TRAINED_MODEL_NAME COETON—ZUTENT-ETILOEHE]
VALIDATION_RUN_NAME REEEITD AR
FHHER

METRIC_NAME & METRIC_VALUE ZE %4 DM FEAN) 7 OFEAIL, “InterSystems SQL V7 7L A" BRI TL
7ZEuN,

52 ETIDEHE

ALTER MODEL XZ&HL TET VEER TEET,
B
ALTER MODEL XXO#ESCILL T DL T,

SQL

ALTER MODEL nodel -nane alter-action
alter-action (%, L FOWT NN TEET,
PURGE ALL
PURGE i nt eger DAYS
DEFAULT pr ef err ed- nodel - nane
i

ZOFITIX, PURGE &iZfiHL T, 5 /L WillLoanDefault [R5 T X THON —=0 7 FEITF —ZEMEEE
117 —2&HIBRLET,

SQL

ALTER MODEL WillLoanDefault PURGE ALL

Z OB TIE, PURGE Hi% i FAL T, £5 /L Wil lLoanDefault [ZfiE 45, 7 H UL E#iB L= ~TOR —=12
FATT — S ERGEFATT — S EHIBRL £,

SQL

ALTER MODEL WillLoanDefault PURGE 7 DAYS

SHRIER

"ETILDFE R IV ARENT-E 2—% 7Y LT, alter XN LIZZ LA RERTEE T,
ALTER MODEL < RDFEMIL, V7 7L 0 A B R TLIEEN,
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ETILDOEIR

5.3 BT ILOHI

DROP MODEL X &AL CTET LVEHIBRTEET,

BX
DROP MODEL X OHESLITLL T D LB T,

SQL

DROP MODEL nvodel - nane

DROP MODEL 1%, BHE3T5ET /DT X THORN—=0 7 EITEMGEEITEHIBRLET,

SHAER

INFORMATION_SCHEMA.ML_ MODELS ¥ a2—%27=x UL T, BEF /ANHIREN -2 2R T ET,
DROP MODEL @<= RDFERIE, “InterSystems SQL V7 7L R” 5L TTZX,
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